CS401 lecture 4/12/07

Strong learner
Given a dataset 
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· fast ( time poly(n))

· generalise well given “Reasonable amount” of data

prob. approx. correct (PAC) bound

x’s in data drawn from P(x) given new x from P(x)
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Weak Learner
Given samples 
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 drawn from some P(x)

Learn a mapping 
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better than chance for some 
[image: image6.wmf]0

>

e



[image: image7.wmf]÷

ø

ö

ç

è

æ

+

³

e

2

1

.

.

right

x

getting

P


Theorem: If some problem is “weak learnable” then => “strong learnable”

Proof:
Constructive             Boosting

ADA boost
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Initialization: 


Weights on samples
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Loop t=1,………,T


Train classifier  
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On dataset weighted by 
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right/wrong on 
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And 
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  where  
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if 
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  But if 
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End Loop
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